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gx/\ 3% (Least Squares Method )

Data: f(x) = py + cos(pyx + p2)+ noise

Best fit
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SVC with linear kernel

LinearSVC (linear kernel)

sklearn.svm.SVC

Sepal width
Sepal width

o

o o

class sklearn.svm. SVC (C=1.0, kemel="rbf’, degree=3, gamma='auto’, coef0=0.0, shrinking=True, probability=False,

10/=0.001, cache_size=200, class_weight=None, verbose=False, max_iter=-1, decision_function_shape='ovr',
random_state=None)

[source)
Sepal length Sepal length

C-Support Vector Classification.
SVC with RBF kernel

SVC with polynomial (degree 3) kernel

The implementation is based on libsvm. The fit time complexity is more than quadratic with the number of samples which
makes it hard to scale to dataset with more than a couple of 10000 samples.

The multiclass support is handled according to a one-vs-one scheme.

Sepal width
Sepal width

For details on the precise mathematical formulation of the provided kernel functions and how gamma, coef0 and degree
affect each other, see the corresponding section in the narrative documentation: Kernel functions.

L

Sepal length Sepal length
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